e Mk M

B4k B8 Vol. 44 No. 8
2023 4F 8 H Chinese Journal of Scientific Instrument Aug. 2023

DOLI: 10. 19650/j. cnki. ¢jsi. J2311177

N5 BRI S W T SR

& NN ARRA B !

(1. IR TR RS R G IRA R AT 5E bt K 400067 2. B K TR KA IRl 22 5 TR B
K 400067; 3. FHIEKRAHM SR TER 83 N6A 3K7)

& EEEISHOR Tl RGO MDA EE 2N 2, B B SR sh ik B 12 Wi vk 22 2 R A0 A 9 i S A T AR Y, (R
FESEBRRE T, Tl R G AR K E A PAT (A, 45 5CR SR Bk B2 Wi R Dk K o 33X — R EAZ 3] T 2R R0 Tl 719
JE I, BSOS T A AR, EJE, B R RN Ai A4 EE B Sh RS W A 5 E SR SRR AR R 4 A
PRIk T 72 WY 35T (9 P 8 A B AR SR B BIF T 7 o AR S AS S A 4310 (14 24 B I T, DA 5097 3K 31092 W 1 R 2 W oy T 375 33 3k 7
AT LA T EHNAMOBEIT IR IR T G Pk AR i R 28 i B2 Wi i B9 5 N R RS

KR AREHG A BRI SN SRS W R Tok R4

hESES: THI1-2179 XERFRIREE: A EXRGEERSERD: 410.75

Research progress of fault diagnostics driven by imbalanced data distribution
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Abstract: Fault diagnosis is an important part of industrial system health monitoring. Existing data-driven diagnosis methods often use
balanced datasets for fault modelling. However, in practical applications, industrial systems often produce many samples with
imbalanced distribution, which pose challenges to data-driven fault diagnostics. This issue receives extensive attention from the academic
and industrial communities. Many results have been achieved in this area. However, there have been a few reviews on the imbalanced
data-driven fault diagnosis. It is difficult to clarify the real challenges and future research directions. In response to this problem, a
comprehensive review on the research progress in data-driven diagnostic methods and diagnostic application scenarios is provided. It
proposes the challenges and future prospects facing the field, which could provide a reference for the research and application of the fault
diagnostics.
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Fig.2 Different classes of fault diagnostics driven by imbalanced data distribution
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